UKF vs. EKF - Banana Shape

EKF approximation
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UKF vs. EKF

Actual (sampling) Linearized (EKF) uT
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Courtesy: E.A. Wan and R. van der Merwe
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compare bivarate probability for EP (blue) vs. monte carlo (red), linear function
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compare bivarate probability for EP (blue) vs. monte carlo (red), nonlinear function
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compare bivarate probability for EP (blue) vs. monte carlo (red), nonlinear function
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Taken from Phil Kim, K.F. for Beg.
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